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socioeconomic level of the place of residence which seems to be important in magnitude. 

 

JEL Classification: J71 

Keywords: place of residence; call back rates; labor market discrimination. 

 
* Florencia López Bóo, Inter-American Development Bank, 1300 New York Avenue, NW, Washington DC 20577, US, 
florencial@iadb.org; Iva Trako, Department of Economics, Universidad de San Andres, itrako@udesa.edu.ar. We would like 
to thank Martin Rossi for his support and guidance on the elaboration of this paper.  



2

I Introduction 
Labor market discrimination may take the form of different wage rates for equally 

productive workers with different personal characteristics such as race, gender, age, religion, 

nationality or education. Labor market discrimination may also take the form of exclusion 

from the opportunity of getting a job or even being called for an interview on the grounds 

of social class, union membership, or political beliefs. In this study we are going to 

concentrate in the latter case. More specifically, our aim is to investigate labor market 

discrimination definied in this case as exclusion from the opportunitty of being called for an 

interniew in a developing country which is Argentina based on two dimensions: gender and 

social class associated with the place of residence. 

There are different studies that relate wage differences to the existence of 

discrimination in the labor market. This studies seem to show that the discrimination 

phenomenon is not limited only to the race or gender of the individual, but it can also 

include individuals of the same race and gender. For example, physical appearance 

[(Hamermesh and Biddle (1994)], physical handicaps [Famulari (1992)], obesity [Dan-Olof 

Rooth, (2007)], height [Persico and Postlewaite (2004)] or even the place of residence [Kain 

(1968)] have become new variables that may incite some kind of labor market 

discrimination against an individual. Wage or job opportunity punishment may occur for 

several reasons. One reason is that statistical discrimination may occur. For example, if an 

individual lives in a neighborhood known to house a certain type of people (poor people, 

for example), the employer may associate the characteristics of people from that area to the 

individual in question, thus reducing his chances of being hired, or earning a higher wage. 

Secondly, discrimination by preference could take place. This means that the employer 

simply does not like people that live in certain neighborhoods (or cities). Thirdly, a person 

may have poor job opportunities if the Spatial Mismatch Hypothesis (SMH) exists which 

states that individuals who live far from their workplaces have difficulty accessing the best 

job opportunities [Kain (1968)]. Lastly, there is some economic rationality to the fact that 

wages are related to the dwelling place of the individual. For example, people who live far 

from their workplaces might spend more time and energy in traffic, thus reducing their 

capacity to produce once in the job. 
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The identification of labor market discrimination presents a problem which needs to 

be considered. The most important concern is that labor market outcomes of identically 

productive individuals are correlated to individual’s characteristics. The challenge of this 

identification is to control the individual’s characteristics in order to make them as 

homogenous as possible but vary only the individual’s characteristics that are of our interest 

for the discrimination. This is not feaseable in real life because individuals are heterogenous 

by nature.  

The previous literature has tried to deal with this problem using two alternative 

methodologies: regression analysis and field experiements. On the one hand, the former 

tries to explain the wage differencial using a Blinder-Oaxaca type of decomposition [Oaxaca 

(1973); Blinder, (1973)]. This approach is used to predict how much of the wage differential 

between groups of workers cannot be explained by observed characteristics. In this context, 

discrimination is simply identify as a residual, i.e., the unexplained fraction of the wage 

differential from the regression is interpreted as labor market discrimination. The problem 

with this methodology is that in general we only have access to a limited set of individuals' 

observed characteristics. Moreover, even after controlling for a set of variables, the results 

from this approach could still be biased to the presence of unobserved heterogeneity in the 

population. For example, information on skill levels or school and family environments are 

usually not available. On the other hand, the latter technique involves sending carefully-

matched pairs of job applications (resumes) in response to advertised vacancies, to test for 

discrimination in labor hiring at the initial stage of selection for interview. In order to avoid 

detection, the resumes cannot be identical but in all essential characteristics such as 

qualifications and experience. Then, candidates are closely matched so that the only 

effective distinguishing characteristic is the one of our interest for the labor market 

discrimination. The advantage of this technique is that the reasearcher is able to exercise 

precise controll over the content of the application and by doing this it controls for any 

unintented bias.[Riach and Rich (2002)] This approach has received increasing attention for 

its capability to remediate some of the limitations associated with the conventional 

regression analysis approach.  

Thus, in order to resolve the identification problem of the labor market 

discrimination, we adopted the experimental approach. Our experiment consists on sending 
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fictitious resumes to real job vacancies. Every variable included in these resumes is 

controlled for similarity, except the gender and the residencial location of the job applicant. 

After sending the resumes, our purpouse is to measure whether the number of callbacks for 

future interviews received for men is significantly different from those received for women, 

and also whether the applicants who live in a neighborhood/district of high socioeconomic 

level are called significantly more than individuals who live a in neighborhood/district of 

low socioeconomic level.  

Our study extends the experimental design implemented by Bertrand and 

Mullainathan (2004). These authors used resumes of real job seekers and alter them 

sufficiently to create distinct resumes. Specifically, they assigned to each of real resumes 

names identified with a particular race, respecting the share of african-americans and whites 

in the population. They found that resumes sent to blue-collar jobs in Boston and Chicago 

with white-sounding names generated callbacks about 50 percent more often than the same 

resumes sent with blacksounding names. The difference between this approach and ours is 

that we generated completely new and fictitious resumes using as examples the real ones. 

We constructed equally qualified CVs and then assigned to each of them gender and place 

of residence randomly. The relevance of this method is that by generating completely new 

and fictitious resumes we could control for different individual characteristics and also we 

should prevent our results from being potentially biased.   

Oreopulos, Ph., (2009) is another study that analysis discrimination in the labor 

market using an experimental approach. This paper investigates why Canadian immigrants 

are discriminated in the labor market in Toronto when they try to find a job. In this 

experiment thousands of resumes were sent in response to online job postings across 

multiple occupations in Toronto.  Resumes were constructed to plausibly represent recent 

immigrants under the point system from the three largest countries of origin (China, India, 

and Pakistan) and Britain, as well as non-immigrants with and without ethnic-sounding 

names. In addition to names, the author randomized where applicants received their 

undergraduate degree, whether their job experience was gained in Toronto or Mumbai (or 

another foreign city) and whether they listed being fluent in multiple languages (including 

French). The results obtained from this study suggest considerable employer discrimination 

against applicants with ethnic names or with experience from foreign firms. 
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Finally, the study of Bravo et al., (2009) is very similar to ours. These authors use 

original experimental data form a developing country (Chile) to identify the presence of 

labor market discrimination on three crucial dimensions: gender, last name's origin (e.g., 

indigenous last name), and social class associated with the place of residence. They 

submitted more than 11,000 fictitious resumes for real job vacancies, which were strictly 

equivalent in terms of qualifications but varied only the gender, name, and place of 

residence. After estimating binary choice models to identify differences in callbacks they 

found different effects depending on the type of occupation considered. Specifically, 

indigenous names were discriminated among professionals. Women received more and 

earlier callbacks when applying to jobs for technicians. Finally, they also found that people 

who live in poor neighborhoods and females are discriminated in unskilled positions. 

After using original experimental data from Buenos Aires city, which contains a 

cross-sectional sample of approximately 2688 observations of curriculums sent to two 

occupational categories (Administration/Accountancy and Sales/Commercial), we found 

that a simple descriptive analysis of the resumes submitted to unskilled positions 

(Sales/Commercial occupational category) suggests discrimination against individuals living 

in poor areas, while the analysis of the resumes submited to skilled positions 

(Administration/Accountancy occupational category) suggests discrimination against men. 

However, our formal econometric estimation does not suggest evidence of discrimination 

based on gender, but it does suggest evidence of discrimination in terms of the 

socioeconomic level of the place of residence. 

The paper is organized as follows. Section II describes the experiment design 

applied to this investigation. Section III presents the data and statistics, Section IV presents 

the main results of the paper, and Section V concludes. 

 

II  Experiment Design  
The first step of the experimental design is to generate fictitious CVs for real job 

vacancies published weekly in an important job search website. The challenge is to produce 
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a set of realistic and representative resumes without effectively using resumes that belong to 

actual job seekers.  

To achieve this goal, we took as models resumes of actual job searchers but we 

altered them sufficiently to create distinct resumes. The template had to represent the 

average actual jobseeker for each of the occupational categories that were considered in the 

study but we altered them sufficiently to create distinct resumes. While the resumes posted 

in this website may not be completely representative of the average job seeker, they provide 

a practical approximation (See Appendix A). 

We concentrated our study to people seeking employment mostly in the 

autonomous city of Buenos Aires called Capital Federal, and partically in the conurbantion 

around it called Greater Buenos Aires (GBA). We also restrict our analysis to two occupational 

categories: Sales-Commercial and Administrative-Accountancy.1

Finally, we only consider two educational categories that belong to the so-called 

'semi-skilled' sub-category: high school and undergraduate ongoing.  

 

II.1.  Definition of Demografic Cells 

For the elaboration of the fictitious CVs, we defined 4 demographic cells that 

determine the dimensions being studied in the experiment. These 4 CVs should be 

equivalent in regard to employment productivity but differing in the variables in question. 

Given the main interest of the study, we defined two variables of interest that were 

taken into account when producing the fictitious CVs. The first variable is Socioeconomic level 

of the place of residence, that was set either as High or Low, while the second is Gender. These 

two variables define our four demographic cells of the experiment. 

 

111 In Table A.1 of Appendix A we present a list of occupations within these categories. We selected these 
occupational categories because they contained more vacancies than the other occupational categories.  
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II.2. Our Bank of CVs 

As indicated above, job vacancies were grouped into two occupational categories: 

Sales-Commercial and Administration-Accountancy. Two research assistants were assigned 

responsibility for a specific category, and they were also in charge of selecting the weekly 

vacancies, as well as the production, sending and supervision of the CVs sent. For each of 

these categories, a database of sixteen fictitious CVs was generated (eight for 

Administration-Accountancy and eight for Sales-Commercial).  

In producing the required CVs the instruction had to comply with the profile of the 

most competitive for the vacancy selected, such that the resumes created would be 

representative of the average job seeker. For each vacancy, four CVs were chosen from the 

bank of CVs2. In order to comply with the particular profile requested in the vacancy, 

features such as education, employment experience, and addresses were adjusted for each 

CV. Then, the CVs were uploaded in an important job search engine where each one of 

them acquired the same format or layout3. When the candidate applies for a job, the website 

sends the CV on behalf of the person.  

Each set of four CVs was constructed so that its qualification levels (human capital) 

and employment experience were equivalent in order to ensure that the applicants were 

equally eligible for a given job. 

 

II.3. Classification of the Socioeconomic Level of the Place of Residence 
This study was conducted in the biggest and most populated metropolitan urban 

region of Argentina, which is Buenos Aires. Buenos Aires is the capital of Argentina, 

currently the second-largest metropolitan area in South America, after São Paulo. This city 

is divided into four geographical regions: North GBA, South GBA, West GBA and Capital 

Federal. The region of Capital Federal is divided into 48 neighborhoods (barrios), but a 

newer scheme has divided the city into 15 communes (Centros de Gestiones Personales 

 
2 See Appendix A for examples of the fictitious CVs. 
3 See Appendix B  
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Comunales, CGPC). Each one of the communes containes several neighborhoods. While the 

Greater Buenos Aires (GBA) includes 24 municipalities or province districts (partidos). 4 

The classification of the socioeconomic level of the place of residence is crucial to 

our experiment.  In the case of Capital Federal, in order to classify the neighborhoods into 

low and high socioeconomic level, we based on the 2006 wave of the EPH  (Encuenta Anual 

de Hogares, Onda 2006), which provides information about the average family income per 

capita of the households of each neighborhood in Capital Federal. In order to classify the 

neighborhoods into low and high socioeconomic level, we set the cut off level of the 

average family income per capita of the household between the two groups of 

socioeconomic level at $ 1.000 (Argentinean pesos). This means that we consider the 

individuals who live in neighborhoods with an average family income per capita higher than 

$ 1.000 as individuals who live in a neighborhood of high socioeconomic level, while the 

individuals who live in neighborhoods with an average family income per capita lower than 

$1.000 as individuals who live in a neighborhood of low socioeconomic level.5 The list of 

neighborhoods included in each group is presented in Appendix B, in Table B.2.  

On the other hand, in the case of the Greater Buenos Aires (GBA), in order to 

classify the districts into high and low socioeconomic level, we based on a socioeconomic 

classification made by the (Instituto Nacional de Estadisticas y Censos) INDEC between 1991 

and 1994, which classifies the districts of GBA into four different conurbations (CB1, CB2, 

CB3 and CB4) using the correlation between socioeconomic characteristics.6 This 

classification shows that the districts contained in each conurbation have homogeneous 

socioeconomic characteristics, but it also allows us to see the heterogeneity between them. 

According to this classification, the districts contained in CB1 have a higher socioeconomic 

level than the rest of the conurbations. Taking into account this classification, we consider 

the individuals who live in the districts of CB1 as individuals who live in a district of high 

socioeconomic level, while the individuals who live in the districts contained in CB2, CB3 

 
4 See Appendix E 
5 See Appendix B for a more detailed information about this classification.  
6 INDEC (2005), “Qué es el GBA?”. The methodology used by INDEC in order to classify the districts of GBA into four 
conurbations (conurbanos bonaerenses) is based in the correlation of these variables: (1) % of the population covered by health 
insurance program, (2) % of the housholds with income per capita in the first four deciles, (3) % of the households with a 
household head that has not completed primary school, (4) % of the dwellings with exclusive use of the bathroom.  
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and CB4 as individuals who live in a district of low socioeconomic level. For this case, the 

list of districts included in each conurbation is presented in Appendix B, in Table B.4.    

Based on the neighborhoods of Capital Federal and the districts of Greater Buenos 

Aires, we constructed the fictitious residential areas. The randomized selection of the 

residential areas was done in the following way: for example, for a job vacancy located in 

Capital Federal, we chose randomly four different neighborhoods, each corresponding to 

one of the four different resumes. The process of randomization was carried out without 

replacement.   

The process of randomization assures that those who are exposed to the treatment 

are no different from those who are not, and thus that a statistically significant difference 

between the high and low income neighborhood in the outcome of interest the experiment 

is planning to affect, can be confidently attributed to the treatment.  

 
II.4.  Ensuring the equivalence of Fictitious Applicants between Cells 

In order to ensure the equivalence of the four fictitious CVs sent for each vacancy, 

the other variables included in the CVs were controlled for similarity. For this, the 

following decisions were made: 

− Age: For each occupational category, the age of the applicants in our bank of CVs is 

set at between 22 and 27 years of age. 

− ID Number (DNI – Documento Nacional de Identidad): each fictitious applicant had a 

different ID (national identification number) according to his age. Since in 

Argentina there are not “blanks” in the continuum of ID numbers (there is not a 

single number which does not belong to somebody) and every ID number belongs 

to a real person, in order not to compromise anyone, eight numbers were obtained 

under permission of the people that owned them. As we had the availability of only 

eight ID numbers corresponding to individuals of 22, 23, 26 and 27 years old, we 

used real CVs from people of those ages to generate the fictitious CVs. These 

numbers were sufficient to create all the CVs needed without repeating any ID 

number. 
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− Names and Surnames: We used name frequency data by age range calculated from 

the actual CVs uploaded at the job search engine. From a database of 200 CVs  

from real applicants aged between 25 and 30, we calculate the most frequent names 

that appeared for man and woman. On the other hand, we used the most common 

surnames in Argentina from an article published in an Argentinean newspaper and 

from World Names Profiler.7 Once we selected the most common/neutral names and 

surnames, they were then mixed so as to not use real names. We randomly selected 

once and for all names (for males and females) that are used in all the experiment.  

− E-mails: Once we set the fictitious name and surname for each CV, email addresses 

were set up for all names and surnames selected for the experiment using both 

hotmail.com and gmail.com, yahoo.com. We had, then, one email address per name 

and surname created. 

− Marital Status: Applicants in the both categories aged between 22 and 23 were 

assigned the marital status Single, while the marital status of applicants aged 

between 26 and 27 was randomly selected between Single and Married because in 

Argentina the individuals of these ages could be married or single.  

− Education: Following previous literature from the case of Argentina (Galiani and 

Sanguinetti, 2003; among others) we consider semi-skilled individuals those with 

complete high school and skilled individuals those with undergraduate degree 

ongoing. For all the undergraduate ongoing applicants we selected Universidad de 

Buenos Aires (UBA) as the institutional education because it is the most 

representative of the population.8 On the other hand, the selection of the high 

schools for the semi-skilled individuals as for the skilled ones was made according 

to the applicant’s neighborhood of residence. A bank of public high schools was 

constructed for this purpose. Using the official website of Capital Federal and the 

 
7 Herrera, Silvana “El origen y la historia de los apellidos en Argentina”, Diario Perfil, 2008. See Appendix D for more details.  
 
8 According to the last Argentine Student Census (October 2008), Universidad de Buenos Aires (UBA) is the biggest argentine 
university, with 253,260 undergraduate students. 
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one of the Ministry of Education, we randomly selected public schools for each of 

the fifteen communes of Capital Federal.9

− Employment Experience: The employment experience of the applicants is 

equivalent within occupational categories but different between categories. Two 

banks of work experiences (one bank for each occupational category) were 

constructed from actual resumes accessible online from an important job search 

engine. The descriptions were sufficiently altered to create distinct sets that would 

not be associated with actual people, but the original overall content was also tried 

to be maintained. Using the database of real CVs we found that the undergraduate 

applicants, whom spend more time in the educational system have fewer years of 

employment experience; meanwhile, the high school graduates have a longer track 

record in the labor market.10 Thus, the number of previous jobs was set to 2 for 

undergraduate applicants and to 4 for the high school graduates. Considering this, 

for each set of CVs we choose at random job experiences from the banks settled. 

During the experiment, when an ad required a particular job experience that was 

not available in our bank of resumes, we used the filters available in the job search 

engine to find the experience that would better comply with the requirements 

(residence city, age, job experience, education) of that ad. 

− Telephone Number: Each CV of the set of four had a unique telephone number. 

Applicants in each gender/socioeconomic level of the place of residence were 

allocated the same phone number. This guaranteed that we could precisely track 

employer callbacks in each of these cells. There were four mobile phones, each with 

a different number assigned to each of the CVs of the set to ensure recruiters did 

not encounter repeated phone numbers. 

− Languages: According to resumes accessible online, for the undergraduate 

applicants we selected advanced English knowledge, while for the high school 

applicants we selected basic English knowledge for both occupational categories.  

 
9 See Appendix E 
10 See Appendix B 
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− References: Giving a reference in each CV implies the creation of other fictitious 

identities (at least e-mail addresses and telephone numbers for those referenced). 

Since none of the vacancies had this requirement obligatory, and given that almost 

none of the CVs available at an important job search engine includes this feature, 

we left this information blank in our fictitious CVs.   

 
II.5. Responding to Vacancies 

We eliminated any vacancy where applicants were asked to call or appear in person 

or where the sex of the applicant was markedly specified. For each vacancy, we used the 

bank of resumes to sample four resumes that fit the job description and requirements as 

closely as possible. In some cases, we slightly altered the resumes to improve the quality of 

the match, such as by adding the knowledge of a specific software program or experience in 

a particular field.  

 

III  The Data 
This experiment in the Argentinean labor market started October 19th 2009 and it 

lasted almost two months (till December 9th 2009). On average, 60 CVs were sent per day, 

with a total of 2688 CVs sent to the two occupational categories (1488 to Administration- 

Accountancy and 1200 to Sales-Commercial). The CVs were sent to approximately 675 

vacancies between both occupational categories. All the resumes were sent by e-mail 

through an important job search engine website.  

 
III.1. Descriptive Statistics 

In this section we analyze the descriptive statistics of the experimental data. As 

shown in Table 1, in general the response callback rate of the experiment was 17,22%, while 

the response e-mail rate was only 5,76%.  

From the total number of CVs sent (2688) only 463 of them received callback. In 

addition, 9,5% of the vacancies used in the experiment were highlightened. With respect to 

education, we can see that 58,18% of the applicants are undergraduate ongoing students, 

while 41,81% have only completed high school. Moreover, the distribution of the 
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residential areas is concentrated in Capital Federal, where also 63,7% of the vacancies 

corresponds to this geographical area. The resumes were also sent to the GBA area, 9% to 

North GBA, 3,4% to South GBA and 3,2% to West GBA. The proportion of CVs sent to 

the GBA area is much lower compared to Capital Federal, but this is due to the fact that the 

vacancies available for this areas were much less than those for Capital Federal (9,22% of 

the vacancies correspond to North GBA, 1,19% to South GBA and 3,42% to West GBA).  

Table 1: Summary Statistics - Argentina  
Variable Mean Standard deviation Maximum Minimum
Callback .1722 . 3776 0 1
E-mail .0576 .2331 0 1
Age 24,7485 20.476 22 27
Gender .5 .5000 0 1
Marital Status .2440 .4296 0 1
Ict Required by the Ad .2693 .4437 0 1
Highlighted Ad .0952 .2935 0 1
Undergraduate Ongoing  .5818 .4933 0 1
High School Graduated .4181 .4933 0 1
Years of Labor Experience 2.625 1.111 1 4
Capital Federal (residential area) .8422 .3645 0 1
GBA North (residential area) .0907 .2873 0 1
GBA South (residential area) .0342 .1818 0 1
GBA West (residential area) .0327 .1779 0 1
Capital Federal (vacancy) .8229 .3818 0 1
GBA North (vacancy) .0967 .2956 0 1
GBA South (vacancy) .0327 .1779 0 1
GBA West (vacancy) .0386 .1928 0 1
(Number of Observations = 2688)  

Table 2 shows the number of callbacks by demographic cell and occupational 

category. In the case of Administration-Accountancy, we can see that women in general are 

called more than men independently of the socioeconomic level of the nieghborhood.  

While in the Sales-Commercial occupational category there is no difference in the 

number of callbacks between men and women, but it seems that males are called more 

often than women if they live in a high income neighborhood and women are called more 

often than men if they live in a low income neighborhood. 
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Table 2 : Number of Callbacks by Occupational Category 
 Administration-Accountancy Sales-Commercial 

Male  Female Male  Female 
High Income Level 75 76 48 27 
Low Income Level 56 82 41 58 
Total 131 158 89 85 

The average response rate by type of occupational category in Table 3 shows that 

the applicants in the category of Administration-Accountancy had a higher response rate 

than those in Sales-Commercial. The former group showed a response rate of 19,42 percent 

compared to 14,50 percent for the latter group. Also, the callback rate was maintained 

relatively stable during all the experiment.  

Table 3: Callback Response Rate by Week and Type of Employment   
 Callback Response Rate 

Weeks Administration/Accountability  Sales/Commercial 
19 to 25 October 22% 12,83% 
26 October to 8 November 25,50% 14,20% 
9 to 15 November 18,85% 20% 
16 to 29 November 19,17% 13,54% 
30 November to 9 December 12,37% 16,91% 
Total 19,42% 14,50% 

Table 4 and Table 5 show the differences in the callback rate by gender and 

socioeconomic level of the neighborhood, respectively. In Table 4, we can see that for the 

occupational category Administration-Accountancy, women are called 3,62 porcentage 

points more than men and this difference is significant at the 10 percent level. While, for 

Sales-Commercial there is no difference between the response rate of females and males. 

When we consider the whole sample, the response rates show similar levels: 16.36 

porcentage points for men and 18 percent for women. This difference is small and not 

statistically signifficant. In other words, men and women seem to have the same probability 

of being called for an interview. 
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Table 4: Differences in Callback Rate by Gender   

Male Female Difference 
Administration/Accountancy .1760 .2123 .0362 

(.0139) (.0150) (.0205)* 
Sales/Commercial .1483 .1416 -.0066 
 (.0145) (.0142) (.0203) 
All Sample .1636 .1808 .0171 
 (.0105) (.0100) (.0145) 

In Table 5, we see that for the Administration-Accountancy occupational category, 

applicants living in high income neighborhoods are called almost at the same rate as the 

ones living in low income neighborhoods. However, for Sales-Commercial, applicants living 

in high income neighborhoods are called 7,07 porcentage points more than applicants in 

low income neighborhoods, and this difference is significant at 1 percen level of 

significance. If we turn to the whole sample, the response rate of applicants from high-

socioeconomic municipalities is 19.3 porcentage points, compared to a rate of 15.5 

porcentage points for applicants from low-socioeconomic municipalities, and this 

difference is significant at the 1 percet level of significance.  

In conclusion, we can see that there are some statistical differences between the 

demographic cells. A simple descriptive analysis of our data does suggests a slight evidence 

of discrimination by gender and socioeconomic level of the place of residence. However, 

the descriptive statistics still does not take into account several unobservable factors.  

Table 5: Differences in Callback Rate by Socioeconomic Level 
High 

Socioeconomic
Level 

Low 
Socioeconomic 

Level Difference 
Administration/Accountancy .1938 .1946 .0008 

(.0141) (.0148) (.0205) 
Sales/Commercial .1928 .1220 -.0707 
 (.0200) (.0115) (.0216)*** 
All Sample .1934 .1559 -.0375 
 (.0115) (.0093) (.0146)*** 
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IV  Results: Regression Analysis 
In this section, we present the regression results for the effect of gender and 

socioeconomic level of the place of residence on the probability of getting a callback. As 

the data available for the study is cross-sectional, in addition to the two independent 

variables of interest we include a set of control variables. These control variables are 

applicant’s and vacancy’s characteristics such as age, gender, marital status, years of labor 

experience, education, and highlightened vacancy that we consider relevant for this 

estimation.  

Table 5 presents the results of estimating the effect of gender and socioeconomic 

level of the place of residence on the probability of getting a callback. We distinguish 

between estimations with the whole sample and estimations within each occupational 

category. In this model, the dependent variable takes the value of 1 if the person was called 

after sending the resume and 0 if not. Additionally, our two independent variables of 

interesnt are also binary.11 Huber-White standard errors are reported in parentheses to 

account for heterocedasticity. 

Columns 1 and 2 in Table 5 show the results for applicants in the Sales-Commercial 

occupational category. At first sight, we can notice that the socioeconomic level of the 

neighborhood/district has a positive effect on callbacks and it is significant at the 1 percent 

level of significance, while gender has a negative effect meaning that men are called less 

than women but the coefficients are not significant. Then, once we control for age, marital 

status, years of labor experience, education and characteristics of the vacancy such as 

highlightened vacancy, we do not find distrimination against female and people who live in 

poor neighborhoods/districts. A particular observation in this occupation category is that 

applicants whith a higher education level (undergraduate ongoing) are called less than 

applicants with a lower education level (high school completed). This could be because of 

the fact that in general for this kind of job the employers require unskilled workers, to 

whom they can pay lower wages.   

 

11 Gender takes the value of 1 if the applicant is Male, 0 if the applicant is Female. Socioeconomic Level of the Place of 
Residence takes the value of 1 if the applicant lives in a high income neighborhood/district and 0 if the applicant 
lives in a low income neighborhood/district. 
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Table 5: Estimates of Receiving a Callback  

Callback Sales-Commercial Adm.-Account. All 
Variable  (1) (2) (3) (4) (5) (6) 
High Socioeconomic Level .0712 .0363 .0010 .0078 .0390 .0258 

(.0231)*** (.0238) (.0205) (.0204) (.0148)*** (.0152)* 
Gender -.0034 .0012 -.0362 -.0357 -.0200 -.0187 
 (.0203) (.0197) (.0204)* (.0202)* (.0145) (.0142) 
Age  -.0947  -.0547  -.0723 
 (.0234)*** (.0231)** (.0165)***
Marital Status  .0100  -.0184  -.0080 
 (.0209)  (.0249)  (.0165) 
Highlighted Vacancy  .0642  .0968  .0743 
 (.0360)** (.0395)** (.0267)***
Years of Labor Experience  .1108  .0599  .0822 
 (.0416)*** (.0418)  (.0297)***
Undergraduate Ongoing  -.0784  .1973  .0360 
 (.0261)*** (.0514)*** (.0147)**
Constant .1236 2.184 .2124 1.2068 .1652 1.7199 
 (.0149)*** (.4756)*** (.0186)*** (.4602)*** (.0118)*** (.3347)***
Observations 1200 1200 1488 1488 2688 2688 
Note: Robust standard errors are in parentheses. * Statistically different from zero at the .1 level of significance; *** 
Statistically different from zero at the .01 level of significance** Statistically different from zero at the .05.

Columns 3 and 4 in Table 5 show the results for applicants in the Administration- 

Accountancy occupational category. In this case, the results are similar to those above but 

the significance is in the opposite direction. In this occupational category it seems that 

women are called more than men and this result is significant at 10 percent level of 

significance, while the socioeconomic level of the neighborhood/district is not significant. 

Then, afer we control for age, marital status, years of labor experience, education and 

characteristics of the vacancy such as highlightened vacancy, we do not find distrimination 

against people who live in poor neighborhoods/districts, but gender is still negative and 

significative suggesting that in this occupational category there could exist some kind of 

discrimination against men. Signs associated to age, highlightened vacancy and education 

are the expected and significant. 

Finally, columns 5 and 6 in Table 5 show the results for the whole sample. In this 

specification, the results show that women are called more than men but this result is 
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insignificant, while the socioeconomic level of the neighborhood/district has a positive 

effect on the probability of receiving a callback and it is significative at the 1 percent level of 

significance. The coefficient obtained means that applicants who live in a 

neighborhood/district of high socioeconomic level are called 3,90 porcentage points more 

than applicants who live in a neighborhood/district of low socioeconomic level. Then, once 

we control for age, marital status, years of labor experience, education and characteristics of 

the vacancy such as highlightened vacancy, we still cannot find discrimination against 

gender, but discrimination agains residential area is still positive and significative allthough 

the coefficient lowers to 2,58 porcentage points. In general, applicants who are older are 

called less than those who are younger and this result is significative. Resumes sent to 

highlightened vacancies have a higher probability of receiving a callback than resumes who 

are sent to ordinary vacancies. We can also note that applicants who have more years of 

labor experience are called more than those who have less. Finally, applicants with a higher 

level of education are called more than those with a lower one.  

 

IV.1. Interactions  
In Table 6, we report the main results of OLS regressions of the callback dummy on 

resume characteristics. In columns 3 and 6, we present the results of the callback dummy 

on the interaction between socioeconomic level of the place of residence (HSL) and gender. 

When we do not control for the set of resume characteristics, we find a positive but not 

significant effect, while when we control for the set of resume characteristics we find a 

postive and significant effect of the interaction between high socioeconomic level and 

gender on the chance of receiving a callback. This result means that male applicants who 

live in a high socioeconomic place of residence have higher chances of receiving a callback. 

In this table, we also present standard errors clustered at the employer level in order 

to control for potential biases in the estimiation of the standard errors due to unobserved 

factors present in one employer that could affect the neighboring ones.  
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Table 6: Main Results      

Dependent variable: Callback 
(1) (2) (3) (4) (5) (6) 

High Socioeconomic 
Level .0375   .0258   

(.0148)**   (.0152)*   
 {.0213}*   {.0215.}   
Gender  -.0171   -.0187  
 (.0145)   (.0142)  
 {.0117}   {.0117}  
HSL  x Gender   .0373   .0496 
 (.0297)   (.0293)***

{.0252}   {.0252}***
Constant .1559 .1808 .1728 1.719 1.719 1.699 
 (.0093)*** (.0105)*** (.0132) (.3347)*** (.3347)*** (.3345)***

{.0144}*** {.0138}*** {.0168}*** {.3266}*** {.3266}*** {.3260}***
Controls No No No Yes Yes Yes 
Sample Size 2688 2688 2688 2688 2688 2688 
Notes: Robust standard errors in parentheses. Standard errors clustered at the employer level in braces. All 
models are estimated by OLS. Controls include Age, Marital Status, Highlightened Vacancy, Years of Labor 
Experience and Undergraduate Ongoing. *Significant at the 10% level; **Significant at the 5% level; 
***Significant at the 1% level. 
 

V Conclusion 
This paper contributes to the literature of the labor market discrimination in a 

developing country and uses an experimental approach to identify the presence of 

discrimination based on gender and place of residence.  

A simple descriptive analysis of the resumes submitted to unskilled positions (Sales- 

Commercial occupational category) suggests discrimination against individuals living in 

poor areas, while the analysis of the resumes submited to semi-skilled positions 

(Administration- Accountancy occupational category) suggests discrimination against men.  

However, our formal econometric estimation does not suggest evidence of 

discrimination based on gender, but it does suggest evidence of discrimination in terms of 

the socioeconomic level of the place of residence. The coefficient obtained from the 

estimation means that applicants who live in a neighborhood/district of high 

socioeconomic level are called 2,58 percentage points more than applicants who live in a 

neighborhood/district of low socioeconomic level.  
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Appendix A 

Table A.1: Main Occupations within Category 
Sales/Comercial Administration/Accountancy

Cashier Accounting Assistants 
Checkout Operators Administration Assistants 
Marketing Agents Administratives 
Sales Administrative Auditing Assistants 
Sales Representative Liquidation of Taxes 
Sales Supervisor Liquidation of Salaries 
Shop Assistant Data Entry 
Technical Seller Invoicing  
Customer Service Insurrances  
Data Entry Operators   
Logistic Administratives    
Office-boys   
Secretaries   
Telemarketer   

Source: Buenos Aires’s job search engines  

Table A.2: Dimensions Considered during Randomization 
 

Men Women 
High Socioeconomic Level     
Low Socioeconomic Level     
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Appendix B 
 
Table  B.1.: Classification of the Neighborhoods of Capital Federal into Socioeconomic Levels 

Commune Nr° Region Neighborhood Average fipc12 Socioeconomic Level 
2 north Recoleta 1.850,85 High 
13 north Nuñez 1.551,73 High 
13 north Belgrano 1.551,73 High 
13 north Colegiales 1.551,73 High 
14 north Palermo 1.541,76 High 
1 east Retiro 1.379,80 High 
1 east San Nicolas 1.379,80 High 
1 east Monserrat 1.379,80 High 
1 east Constitución 1.379,80 High 
1 east San Telmo 1.379,80 High 
1 east Puerto Madero 1.379,80 High 
6 west Caballito 1.200,33 High 
5 west Almagro 1.060,78 High 
5 west Boedo 1.060,78 High 
3 east Balvanera 1.007,54 High 
3 east San Cristobal 1.007,54 High 
12 north Saavedra 993,41 Low 
12 north Coghland 993,41 Low 
12 north Villa Urquiza 993,41 Low 
12 north Villa Pueyrredon 993,41 Low 
15 west Agronomía 957,23 Low 
15 west Parque Chas 957,23 Low 
15 west Villa Ortuzar 957,23 Low 
15 west Chacarita 957,23 Low 
15 west Paternal 957,23 Low 
15 west Villa Crespo 957,23 Low 
7 south Flores 942,07 Low 
7 south Parque Chacabuco 942,07 Low 
10 west Villa Real 881,42 Low 
10 west Versalles 881,42 Low 
10 west Monte Castro 881,42 Low 
10 west Villa Luro 881,42 Low 
10 west Velez Sarsfield 881,42 Low 

12 Average family income per capita (Afipc) from EPH 2006.  
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10 west Floresta 881,42 Low 
11 west Villa Devoto 850,49 Low 
11 west Villa del Parque 850,49 Low 
11 west Villa Mitre 850,49 Low 
11 west Villa Sta. Rita 850,49 Low 
9 south Liniers 754,41 Low 
9 south Parque Avellaneda 754,41 Low 
9 south Mataderos 754,41 Low 
4 east Nueva Pompeya 675,61 Low 
4 east Parque Patricios 675,61 Low 
4 east Barracas 675,61 Low 
4 east La Boca 675,61 Low 
8 south Villa Lugano 511,38 Low 
8 south Villa Soldati 511,38 Low 
8 south Villa Riachuelo 511,38 Low 

Source: Dirección General de Estadística y Censos (GCBA). 
Encuesta Anual de Hogares. Onda 2006 
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Table B.2. Classification of neighborhoods by socioeconomic level
High income neighborhoods Low income neighborhoods 
Recoleta Saavedra 
Nuñez Coghland 
Belgrano Villa Urquiza 
Colegiales Villa Pueyrredon 
Palermo Agronomía 
Retiro Parque Chas 
San Nicolas Villa Ortuzar 
Monserrat Chacarita 
Constitución Paternal 
San Telmo Villa Crespo 
Puerto Madero Flores 
Caballito Parque Chacabuco 
Almagro Villa Real 
Boedo Versalles 
Balvanera Monte Castro 
San Cristobal Villa Luro 

Velez Sarsfield 
Floresta 
Villa Devoto 
Villa del Parque 
Villa Mitre 
Villa Sta. Rita 
Liniers 
Parque Avellaneda 
Mataderos 
Nueva Pompeya 
Parque Patricios 
Barracas 
La Boca 
Villa Lugano 
Villa Soldati 
Villa Riachuelo 
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Table B.3.: Geographical distribution of the districts of GBA 
GBA North Tigre 

General San Martín 
San Miguel 
Malvinas Argentinas 
José C. Paz 
San Isidro 
San Fernando 
Vicente Lopez 

GBA West La Matanza 
Merlo 
Moreno 
Tres de Febrero 
Hurlingam 
Ituzaingo 
Moron 

GBA South Almirante Brown 
Esteban Echeverría 
Ezeiza 
Berazategui 
Florencio Varela 
Lomas de Zamora 
Avellaneda 
Quilmes 
Lanús 
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Table B.4.: Classification of the districts of GBA into socioeconomic levels 
CB1 Vicente Lopez High 

San Isidro High 
CB2 Avellaneda Low 

La Matanza Low 
Moron Low 
General San Martín Low 
Hurlingam Low 
Ituzaingo Low 
Tres de Febrero Low 

CB3  Almirante Brown Low 
Berazategui Low 
Lanús Low 
Lomas de Zamora Low 
Quilmes Low 

CB4 Florencio Varela Low 
Esteban Echeverría Low 
Merlo Low 
Moreno Low 
San Fernando Low 
Tigre Low 
Malvinas Argentinas Low 
San Miguel Low 
Ezeiza Low 
José C. Paz Low 

Table B.5 : Geographical Distribution of the Jobseekers 
Location of the   
Jobseeker Freq. Percent
Capital Federal 2,264 84.23
GBA Norte 244 9.08
GBA Oeste 88 3.27
GBA Sur 92 3.42
Total    2,688 100
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Appendix C 
Previous Research for the Construction of the CVs 

Approximately 200 CVs resumes posted on an important job search engine were used to create 
identities of our fictitious applicants taking into account characteristics such as: personal data, 
labor experience, education, ICT skills, languages and references. Using the database of real 
CVs, we found that: 

Category: Administration/Accountancy

• Personal Data: The average job seeker is located in a range between 24 and 28 years 
old, being the average 25 years old. These individuals could be the ones who have just 
graduated from the university or are still studying, and also the ones who already had 
their first labor experience and at the age of 28 - 30 are looking for a better job.  

• Labor Experience: the average number of experiences per CV is 2 and the average 
number of years of experience is 4.  

• Education: 85% of the individuals are undergraduate students, while the other 15% 
have only completed high school.13 

• ICT Skills: 73% of the individuals posses advanced ICT skills, while 27% posses low 
ICT skills.  

• Languages: the average number of languages is 1, which in general is English. 

• References: 20% of the individuals complete the references, while 80% do not 
complete the references.  

13 Education = 1 if Undergraduate ongoing and 0 otherwise.  

Table C.1: Summary Statistics – Argentina 2009 
Variable Mean Maximum Minimum
Age 25,6326 30 20
Male .4591 1 0
ICT Skill .7346 1 0
Number of Labor Experiences 2,3877 7 0
Years of Labor Experiences 4,7752 12 0
Number of Languages 1,2755 3 0
Undergraduated Ongoing .8571 1 0
High School Graduated .1429 1 0
References .2040 1 0
(Number of Observations = 98)  
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Category: Sales/Commercial

• Personal Data: The average job seeker is located in a range between 21 and 25 years 
old, being the average at 23 years old.  

• Labor Experience: the average number of experiences per CV is 4 and the average 
number of years of experience is 5.  

• Education: 30% of the individuals are undergraduate students, while the other 70% 
have only completed high school.  

• ICT Skills: 13% of the individuals posses advanced ICT skills, while 87% possesses 
low ICT skills.  

• Languages: the average number of languages is 1, which in general is English. 

• References: 7% of the individuals complete the references, while 93% do not 
complete the references.  

Table C.2: Summary Statistics – Argentina 2009 
Variable Mean Maximum Minimum
Age 23,0393 30 20
Male .4091 1 0
ICT Skill .8746 1 0
Number of Labor Experiences 4,4566 7 0
Years of Labor Experiences 5,2345 10 0
Number of Languages 1,0236 3 0
Undergraduated Ongoing .30 1 0
High School Graduated .70 1 0
References .0708 1 0
(Number of Observations = 127)  
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Appendix D 
Table D.1: Top Forenames and Surnames - Argentina 2009 

Top Forenames Top Surnames 
Male Female    

Adrian Alejandra Alvarez 
Agustin Ana Laura Blanco 

Alejandro Andrea Diaz 
Andres Belen Fernandez 
Cristian Carla Ferrari 
Daniel Carolina Garcia 
Diego Cecilia Gomez 

Federico Fernanda Gonzalez 
Fernando Florencia Gutierrez 
Francisco Gabriela Hernandez 
German Jesica Lopez 
Gonzalo Julia Martin 

Guillermo Julieta Martinez 
Ignacio Laura  Mendez 

Juan Carlos Leticia Ortiz 
Juan Ignacio Lucila Perez 

Leandro  Maria Eugenia Rodriguez 
Leonardo Natalia Romano 

Lucas  Pamela Rossi 
Mariano Rocio Russo 
Martin Romina Sanchez 
Matias Sofia Madeira 
Pablo Valeria Torres 

Santiago Vanesa Varela 
Sebastian Veronica Vazquez 

Source: Herrera, Silvana “El origen y la historia de los apellidos en Argentina”, Newspaper Perfil, 2008 
 World Names Profiler  (http://www.publicprofiler.org/worldnames) 
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Appendix E 
Table E.1: Neighborhoods and High Schools of Capital Federal 

Capital Federal's Neighborhoods High Schools 

CGPC1(Retiro, Monserrat, Puerto 
Madero, Constitución) 

Colegio Nº1 Bernardino Rivadavia 
Colegio Nº 2 Faustino Sarmiento 
EEM Nº 6 Padre Carlos Mujica 

CGPC2 (Recoleta) 
Colegio Nº 6 Manuel Belgrano 
ENS Nº1 Pte. Roque Sáenz Peña 
Liceo Nº 1 José Figueroa Alcorta 

CGPC3 (Balvanera) 
Colegio Nº 5 Bartolomé Mitre 
Colegio Nº 14 Juan José Paso 
ENS Nº 2 Mariano Acosta 

CGCP4 (La Boca, Parque Patricios, 
Barracas, Pompeya) 

Esc. De Comercio Nº 1 Joaquín V. González 
ENS Nº 5 Martín Miguel de Güemes 
ET Nº 10 Fray Luis Beltrán 

CGCP5 (Almagro, Boedo) 
Colegio Nº 3 Mariano Moreno 
EC Nº 8 Patricias Argentinas 
ET Nº 29 Reconquista de Buenos Aires 

CGCP6 (Caballito) 
Colegio Nº 17 Primera Junta  
EC Nº 3 Hipólito Vieytes 
EC Nº23 Luis Agote 

CGCP7 (Flores, Parque Chacabuco) 
Colegio Nº 9 Justo José de Urquiza 
EEM Julio Cortázar 
ET Nº 6 Fernando Fader 

CGCP8 (Villa Soldati, Villa Riachuelo, 
Villa Lugano) 

EC Nº 35 Leopoldo Marechal 
EEM Nº2 Arturo Jauretche 
EEM Nº5 Juan Manuel Fangio 

CGCP9 (Liniers, Mataderos, Parque 
Avellaneda) 

EC Nº6 América 
ET Nº8 Paula Albarracín de Sarmiento 
Liceo Nº 8 Esteban Echeverría 

CGCP10 (Villa Real, Vélez Sárfield, 
Monte Castro, Versalles, Floresta, V. 

Luro) 

Colegio Nº 18 Dr. Alberto Larroque 
EC Nº30 Dr. E. Gascón 
ET Nº 27 Hipólito Yrigoyen 

CGCP11 (Villa Mitre, V. Del Parque, 
Santa Rita, V. Devoto) 

Colegio Nº 19 Luis Pasteur 
EEM Nº3 Antonio Devoto 
IES Nº 82 Juan B. Justo 

CGCP12 (Coghlan, Villa Urquiza, Villa 
Pueyrredón, Saavedra) 

Colegio Nº 16 Guillermo Rawson 
EC Nº 28 Abraham Lincoln 
Liceo Nº 11 Cornelio Saavedra 
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CGCP13 (Nuñez, Belgrano, Colegiales)
Colegio Nº 8 Julio Argentino Roca 
Escuela Nº 7 Manuel Belgrano 
Escuela Nº 3 Juana Manso 

CGCP14 (Palermo) 
EC Nº 31 Naciones Unidas 
Esc. Nº 4 Amadeo Jacques 
Escuela Nº 12 Gral. Las Heras 

CGCP15 (Parque Chas, Chacarita, V. 
Crespo, Paternal, Ortúzar) 

EC Nº 24 Vélez Sársfield 
Escuela Nº 2 Gral. Mariano Acha 

Escuela Nº 18 Yapeyú 

Table E.2. GBA Districts and High Schools  
GBA geographical region High Schools  
GBA South Escuela Polimodal N° 18 "Prospero Alemandri"  

Escuela Polimodal N° 5 "Mariano Moreno" 
Escuela Polimodal N°9 "Combatientes de Malvinas"  

GBA North Escuela Polimodal N°6 "Juan Pablo Duarte y Diez"  
Escuela Polimodal N°6 "Dr. Saavedra Lamas"  
Escuela Polimodal N°6 "Jose G. Artigas"  

GBA West  Escuela Polimodal N°24 "José M. Estrada"  
Escuela Polimodal N°5 "Alfonsina Storni"  
Escuela de Educación Media N°4 

Source: Gobierno de la Ciudad de Buenos Aires (http://www.buenosaires.gov.ar/) 
Ministerio de Educación (http://mapaescolar.ed.gba.gov.ar/) 


